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(a) Frame-Locked State

(b) Lost State

(c) Frozen State

(d) Imposter State

Actor

(a) Single Observer @

Observer

“Pedestrians wafk straight ahead, ex.'t the view, continue wa.‘kmg naturally, and re-enter.”

X Dyn amic Object(Pedestrians) unnaturallv attached to the frame

“Man walks from right to left, exits the view, continues walking, and re-enters.”

X Dynamic Object(Man) fails to reappear

“Car drives forward and exits the view, continues moving naturally, and re-enters.”

X Dynamic Object(Car] reappears, but motion becomes static

“Man wa!ks from left to right, exits the view, contmues wa!kmg, and re-enters.”

-~ Actor Trajectory
0 Dynamic Object

Actor

(b) Multi Observers @@

Observer 2 Observer 1

Last Frame

Generated Frames

flo] X|£4 A 28 2 0/9f s{Z &2l World Observer Z1f
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